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ABSTRACT 

 

Izna Zahrani Safitri. English for Business and Professional Communication Study 

Program. Analysis of Translation Technique and Quality of Recruitment 

Terminology in LinkedIn's Automatic Translation of Job Vacancy Posts. 

 

This study analyzes the translation technique and quality of recruitment 

terminology in LinkedIn's automatic translation of English job vacancy posts into 

Indonesian. It aims to identify the distribution of recruitment terminology across 

functional categories, analyze the translation techniques applied by LinkedIn's 

Neural Machine Translation (NMT) feature, and evaluate the resulting translation 

quality in terms of accuracy, acceptability, and readability. This study employed a 

qualitative descriptive design using content analysis and Focus Group Discussion 

(FGD). The data consisted of 103 recruitment terminology units collected from 

English-language job vacancy posts published by companies operating in Indonesia 

on LinkedIn between April and May 2026. Recruitment term categories were 

classified based on Herold and Roedenbeck's (2025) framework, translation 

techniques were analyzed using Molina and Albir's (2002) classification, and 

translation quality was assessed using Nababan, Nuraeni, and Sumardiono's (2012) 

Translation Quality Assessment model. The findings show that HR Management is 

the most dominant recruitment term category (53.4%), Established Equivalent is 

the most frequently applied translation technique (64.6%), and an original finding 

of this study is a combination technique in which two techniques operate 

simultaneously within a single term, identified in 13 data units. The overall 

translation quality obtained a mean score of 2.59, categorized as High, although 

acceptability received the lowest score among the three quality dimensions. The 

findings suggest that translation quality is closely related to how standardized a 

term's professional domain already is in Indonesian professional discourse, while 

more technical or internationally circulated categories remain more vulnerable to 

quality variation. 

 

Keywords: LinkedIn, machine translation, recruitment terminology, translation 

technique, translation quality.  
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ABSTRAK 

 

Izna Zahrani Safitri. Program Studi Bahasa Inggris untuk Komunikasi Bisnis dan 

Profesional. Analisis Teknik dan Kualitas Penerjemahan Terminologi Rekrutmen 

dalam Penerjemahan Otomatis LinkedIn pada Postingan Lowongan Kerja. 

 

Penelitian ini menganalisis teknik penerjemahan dan kualitas terminologi 

rekrutmen pada terjemahan otomatis LinkedIn terhadap unggahan lowongan kerja 

berbahasa Inggris ke dalam bahasa Indonesia. Penelitian ini bertujuan untuk 

mengidentifikasi distribusi terminologi rekrutmen berdasarkan kategori 

fungsional, menganalisis teknik penerjemahan yang diterapkan oleh fitur Neural 

Machine Translation (NMT) milik LinkedIn, serta mengevaluasi kualitas 

terjemahan yang dihasilkan berdasarkan aspek keakuratan, keberterimaan, dan 

keterbacaan. Penelitian ini menggunakan pendekatan deskriptif kualitatif dengan 

metode analisis isi (content analysis) dan Focus Group Discussion (FGD). Data 

penelitian terdiri atas 103 satuan terminologi rekrutmen yang dikumpulkan dari 

unggahan lowongan kerja berbahasa Inggris yang dipublikasikan oleh perusahaan 

yang beroperasi di Indonesia melalui LinkedIn selama periode April hingga Mei 

2026. Kategori terminologi rekrutmen diklasifikasikan berdasarkan kerangka 

Herold dan Roedenbeck (2025), teknik penerjemahan dianalisis menggunakan 

klasifikasi Molina dan Albir (2002), sedangkan kualitas terjemahan dinilai 

menggunakan model Penilaian Kualitas Terjemahan dari Nababan, Nuraeni, dan 

Sumardiono (2012). Hasil penelitian menunjukkan bahwa HR Management 

merupakan kategori terminologi rekrutmen yang paling dominan (53,4%), 

sedangkan Established Equivalent merupakan teknik penerjemahan yang paling 

sering digunakan (64,6%). Temuan orisinal penelitian ini adalah ditemukannya 

teknik kombinasi, yaitu penggunaan dua teknik penerjemahan secara bersamaan 

dalam satu istilah, yang teridentifikasi pada 13 satuan data. Secara keseluruhan, 

kualitas terjemahan memperoleh skor rata-rata sebesar 2,59 yang termasuk dalam 

kategori tinggi, meskipun aspek keberterimaan memperoleh skor terendah di 

antara ketiga dimensi kualitas. Temuan ini menunjukkan bahwa kualitas 

terjemahan berkaitan erat dengan tingkat standardisasi suatu istilah dalam ranah 

profesional bahasa Indonesia, sedangkan kategori yang lebih teknis atau telah 

digunakan secara internasional cenderung lebih rentan terhadap variasi kualitas 

terjemahan. 

 

Kata kunci: LinkedIn, kualitas terjemahan, penerjemahan mesin, teknik 

penerjemahan, terminologi rekrutmen. 
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CHAPTER I  

INTRODUCTION 

 

1.1 Background of the Study 

LinkedIn has become one of the most popular professional networking platforms in 

the world, with over one billion users in more than 200 countries and regions 

(LinkedIn, 2025). The difference between LinkedIn and typical social media 

platforms is that LinkedIn is specifically designed to support professional activities 

such as career development, networking, and recruitment. Many organizations use 

this platform to advertise job vacancies and connect with potential candidates. 

These factors make LinkedIn one of the leading platforms for professional 

communication. The available content on LinkedIn is dominated by information 

related to the professional world. Various types of content, such as job postings, 

recruitment announcements, and company information, often use specialized terms 

that are commonly understood only within specific fields or industries. According 

to Bowker and Buitrago Ciro (2019) as well as Bhatia and Bremner (2022), the use 

of such language falls under Language for Specific Purposes (LSP), which is 

language used in the context of a specific profession or field of work. Therefore, 

understanding the terminology used in job postings on LinkedIn is essential so that 

the information conveyed can be accurately understood by both job seekers and 

employers. 

 

As a global platform, LinkedIn is used by millions of users from various countries 

and linguistic backgrounds. However, many job postings on the platform are 

published in English, particularly by multinational companies and organizations 

seeking candidates from around the world. This can pose a challenge for users who 

do not speak English as their primary language. The challenge becomes even 

greater when job postings contain specialized recruitment terms that are rarely used 

in everyday communication. Terminology such as talent acquisition, onboarding, 

headcount, and performance metrics has specific meanings in the field of Human 

Resource Management. These terms do not only refer to general vocabulary but 
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also describe various processes and practices used in workforce management 

activities (Cabré, 1999; Herold & Roedenbeck, 2025). Misunderstanding these 

terms can lead job seekers to misinterpret the information contained in job postings. 

In the end, language barriers can affect how users understand job opportunities and 

make decisions related to their careers. 

 

To help users understand content in various languages, LinkedIn offers an automatic 

translation feature powered by Microsoft Azure Cognitive Services Translator. This 

feature uses Neural Machine Translation (NMT) technology, an AI-based 

translation system designed to produce more natural and fluent translations. 

According to Koehn (2020), NMT is capable of delivering better results compared 

to previous machine translation approaches. Through this feature, users can 

immediately read the translated version of a piece of content without having to leave 

the platform. With this feature, users from diverse linguistic backgrounds can access 

professional information more easily.  

 

Although it offers many advantages, various studies show that Neural Machine 

Translation (NMT) systems still face challenges in translating specialized or 

professional language. Dinu et al. (2019) explain that many specialized terms are 

not sufficiently represented in the training data used by the system, so translation 

results are often inconsistent. O’Brien (2022) also notes that Language for Specific 

Purposes (LSP) texts are more difficult to translate because they contain numerous 

technical terms and language usage specific to particular fields. Furthermore, 

Castilho and Knowles (2024) add that machine translation systems still struggle to 

understand the context and implied meaning within a text. Consequently, 

translations of professional texts, including job postings, do not always accurately 

convey the source language’s meaning in a way that aligns with the intended 

context. 

 

These limitations are directly observable in the output of LinkedIn's automatic 

translation feature. A preliminary observation conducted by the researcher on 
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several English-language job vacancy posts and their automatic Indonesian 

translations reveals clear inconsistencies in the handling of professional recruitment 

terminology, as shown in Table 1.1 below. 

 

Table 1. 1 Preliminary Observation on the Translation of Professional 

Recruitment Terminology Using Machine Translation on LinkedIn 

Source Text (ST) Target Text (TT) 

End-to-end recruitment process: Manage the 

end-to-end recruitment process, including 

sourcing, screening, and onboarding. 

Proses rekrutmen end-to-end: Kelola 

proses rekrutmen end-to-end, 

termasuk pengadaan, penyaringan, dan 

orientasi. 

Candidate pipeline: Manage and maintain 

candidate pipeline actively. 

Pipeline kandidat: Kelola dan pelihara 

pipeline kandidat secara aktif. 

Shortlist candidates: Screen resumes and 

shortlist candidates for further process. 

Memilih kandidat: Menyaring resume 

dan memilih kandidat untuk proses 

lebih lanjut. 

 

Based on Table 1.1, several issues can be identified in the translation of recruitment 

terminology. For example, the expression end-to-end recruitment process is 

translated as proses rekrutmen end-to-end, where the term end-to-end remains 

untranslated. Similarly, candidate pipeline becomes pipeline kandidat, retaining 

the English word pipeline even though its meaning could potentially be expressed 

more clearly in Indonesian. These examples suggest that the system often relies on 

borrowing when translating specialized recruitment terminology.  

 

Another issue appears in the translation of shortlist candidates as memilih 

kandidat. Although the translation conveys a general idea of selecting candidates, 

it does not fully represent the specific meaning of shortlisting in recruitment 

practice. In professional recruitment, shortlisting refers to the process of narrowing 

a large group of applicants into a smaller group that meets predetermined criteria 
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for further evaluation. By translating the term simply as memilih, part of the 

procedural meaning is lost. As a result, the Indonesian translation becomes less 

precise than the original expression. 

 

The impact of these translation issues extends beyond linguistic considerations. 

Many users rely on LinkedIn’s automatic translation feature to understand 

information in job postings and the recruitment process. When key terms are 

translated inaccurately, users may misinterpret the qualifications, responsibilities, 

or requirements of a position. In some cases, this has led to users missing out on 

job opportunities that actually align with their skills. Conversely, users may also 

apply for unsuitable positions due to a misunderstanding of the job posting 

information. Therefore, translation quality plays a crucial role in helping users make 

the right career decisions. 

 

Although the study of machine translation and Language for Specific Purposes 

(LSP) continues to evolve, studies specifically addressing recruitment terminology 

on the LinkedIn platform remain relatively limited. Felisia (2023) examined the 

translation of verbs on the LinkedIn interface but did not analyze recruitment 

terminology in job postings. Pratama and Kuswardani (2021) focused on evaluating 

machine translation in the field of mechanical engineering, while Eriani (2023) 

analyzed translation techniques in business terminology. Additionally, Pratiwi et al. 

(2023) demonstrated that translation techniques are closely related to translation 

quality. However, no study has specifically analyzed the translation techniques and 

the quality of recruitment terminology translations produced by LinkedIn’s 

automatic translation feature.  

 

Based on this research gap, this study aims to identify how professional recruitment 

terminology is distributed across functional recruitment categories, analyze the 

translation techniques used by LinkedIn's automatic translation system, and 

evaluate the resulting translation quality in terms of accuracy, acceptability, and 

readability. Examining these three aspects together allows the analysis to remain 
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grounded in the professional context in which the terms actually occur, since the 

categorical composition of the data provides context for interpreting why particular 

techniques and quality outcomes appear where they do. The results of this study are 

expected to contribute to translation studies while providing an overview of the 

strengths and limitations of NMT systems in the context of professional 

communication. 

 

1.2 Statements of the Problems 

This study aims to address the following problems: 

1. How is professional recruitment terminology distributed across functional 

recruitment categories in LinkedIn job vacancy posts?  

2. What translation techniques are employed by LinkedIn’s automatic 

translation system in translating the identified recruitment terminology? 

3. How is the quality of the translations in terms of accuracy, acceptability, and 

readability? 

 

1.3 Objectives of the Study 

The objectives of this study are: 

1. To identify and describe the distribution of professional recruitment 

terminology across functional recruitment categories in LinkedIn job vacancy 

posts. 

2. To analyze the translation techniques employed by LinkedIn’s automatic 

translation system in translating the identified recruitment terminology. 

3. To evaluate the quality of the translations in terms of accuracy, acceptability, 

and readability. 

 

1.4 Limitation of the Study 

This study has several limitations: 

1. The data is limited to recent job vacancy posts (April – May 2026) on 

LinkedIn and their Indonesian translations. 
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2. The analysis refers to the 18 translation techniques proposed by Molina and 

Albir (2002). 

3. Translation quality assessment uses the TQA model by Nababan, Nuraeni, 

and Sumardiono (2012), using accuracy, acceptability, and readability. 

4. The data focuses on Human Resources-related job postings published by 

companies in Indonesia. 

5. This study does not examine user perception and only focuses on translation 

techniques and translation quality. 

 

1.5 Significances of the Study 

The significance of this research can be categorized into theoretical and practical 

contributions as follows: 

1.5.1 Theoretical Significance  

1. To enrich translation studies, especially in translation techniques and quality 

of professional terminology in machine translation. 

2. To improve understanding of how translation techniques are applied in 

specific Recruitment Term Category and their relationship with translation 

quality. 

3. To contribute to research on machine translation in professional platforms 

and support studies on Language for Specific Purposes (LSP). 

1.5.2 Practical Significance  

1. For LinkedIn users, to increase awareness of possible inaccuracies in 

machine translation.  

2. For platform developers, providing insights to help improve the quality of 

machine translation. 

3. For translation programs, serving as a reference for teaching translation 

techniques and evaluating translation quality in digital professional texts.
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CHAPTER V 

CLOSING 

 

5.1 Conclusion 

Based on the analysis of the recruitment terminology units collected from LinkedIn 

job vacancy posts, the three research questions can be answered with reasonable 

confidence. Regarding category distribution, the data show a strong skew toward 

HR Management, while Onboarding is barely represented. This gap is wider than 

initially anticipated, and the pattern suggests that LinkedIn job postings in 

Indonesia still describe recruitment primarily through general administrative 

language rather than through terminology specific to each hiring stage. This 

interpretation should be read as the researcher's own reading of the data rather than 

a confirmed pattern, since no earlier study has measured this particular categorical 

composition. 

 

Regarding translation technique, Established Equivalent clearly dominates the data, 

indicating that LinkedIn's NMT system relies fairly reliably on standardized 

Indonesian HR vocabulary whenever such vocabulary already exists. The most 

notable finding from this part of the analysis is the combination technique identified 

in a subset of the data, in which the system applies two different techniques to two 

different components of the same compound term. This pattern was not anticipated 

at the outset of the study and is considered to reveal a genuine characteristic of how 

machine translation handles compound HR terminology, treating it component by 

component rather than as a single coherent concept, a pattern that goes beyond what 

the standard techniques of Molina and Albir (2002) alone would predict. 

 

Regarding translation quality, the overall quality proved higher than initially 

expected, although acceptability consistently lagged behind accuracy and 

readability across the dataset. The raters' discussions during the Focus Group 
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Discussion help explain why, as a term could be technically accurate yet still feel 

foreign once placed within a natural Indonesian sentence. This indicates that 

accuracy and naturalness are not equivalent, and acceptability emerges as the area 

where LinkedIn's translation feature still has the most room for improvement for 

professional Indonesian users. 

 

The main conclusion of this study follows from bringing all three findings together 

in Section 4.4. Categories with vocabulary that is already well established in 

Indonesian professional and legal discourse, namely HR Management, Recruitment 

Process, and Selection, consistently relied on Established Equivalent and achieved 

high quality, while more technical or internationally circulated categories, namely 

Digital Recruitment and Analytics and Candidate Sourcing, relied more heavily on 

Borrowing, Literal Translation, and combination techniques and produced less 

predictable quality. No earlier study has tested this specific category-level 

relationship, so this mapping between category, technique, and quality is regarded 

as an original finding of this study, even though the general principle behind it, that 

a term's domain affects both the technique applied and the resulting quality, is 

supported by Cabré (1999), Bowker and Buitrago Ciro (2019), O'Brien (2022), and 

Dinu et al. (2019). Viewed across every category rather than within a single one, 

Established Equivalent consistently produced the strongest results wherever it 

appeared, suggesting that it functions less as a technique that happens to suit certain 

categories and more as a signal of how settled a given piece of terminology already 

is in Indonesian professional life. In short, LinkedIn's translation system does not 

appear to struggle with mistranslation in the ordinary sense so much as with a 

mismatch between how settled a concept is in Indonesian professional life and how 

confidently the system can render it, and this distinction is considered the most 

useful takeaway of this study. 

 

5.2 Suggestions 

For LinkedIn and Microsoft Azure Cognitive Services, it is recommended that a 

dedicated HR and recruitment terminology glossary be developed, particularly for 
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the categories found to be less standardized, namely Digital Recruitment and 

Analytics and Candidate Sourcing. The system would also benefit from recognizing 

compound recruitment terms as single conceptual units rather than translating each 

component separately, since this is precisely where the combination technique was 

observed to emerge and where some of the more awkward translations occurred. 

Applying terminology constraint mechanisms similar to those described by Dinu et 

al. (2019) is considered a reasonable technical direction for addressing this specific 

weakness. 

 

For LinkedIn users and job seekers in Indonesia, it is recommended that some 

caution be exercised when reading translated postings containing specialized HR 

terms, particularly within the categories found to be less consistently translated, and 

that unfamiliar terms be cross-checked against reliable HR references rather than 

assuming the translation fully captures the intended professional meaning. For 

translation and language education programs, the combination technique and the 

category-level quality differences identified in this study may serve as concrete 

teaching material illustrating both the strengths and the genuine limitations of 

machine translation in professional contexts. 

 

Finally, for future researchers, it is recommended that this category-sensitive 

approach be extended to other professional fields such as finance, healthcare, or 

law, as the pattern identified here, in which standardized categories translate more 

reliably than technical or emerging ones, is unlikely to be unique to recruitment 

terminology. It would also be worth examining how job seekers themselves 

perceive and are affected by these translation quality differences, since this study 

evaluated the translations themselves rather than their real-world impact on users 

making career decisions.
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Appendix  2: Data Reduction (Technique) 
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Appendix  3: Data Display - Technique and Quality 
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y

 Mean 

Scores 

Quality 

Levels 

RT01 End-to-end 

recruitment 

process  

proses rekrutmen 

end-to-end 

Borrowing + 

Literal 2,33 2,33 2,33 2,33 Moderate 

RT02 Candidate 

sourcing 

sumber kandidat Established 

Equivalent 
2,33 2,33 2,33 2,33 Moderate 

RT03 Candidates 

screening 

penyaringan 

kandidat 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT04 Onboarding 

process 

proses orientasi Established 

Equivalent  
2,33 2,33 2,33 2,33 Moderate 

RT05 Recruitment 

administration 

administrasi 

rekrutmen 

Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT06 HR policies kebijakan SDM Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT07 HR database database SDM Borrowing 

+   Established 

Equivalent 

3,00 3,00 3,00 3,00 High 

RT08 Payroll 

processing 

pengolahan 

penggajian 

Literal  
1,67 1,67 1,67 1,67 Moderate 

RT09 Employee 

records 

catatan karyawan Literal 
1,67 1,67 1,67 1,67 Moderate 

RT10 Human 

Resources 

Sumber Daya 

Manusia  

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT11 Candidate 

pipeline 

pipeline kandidat Borrowing + 

Established 

Equivalent  

1,33 1,33 1,33 1,33 Low 

RT12 Initial 

interview 

wawancara awal Established 

Equivalent 
3,00 3,00 3,00 3,00 High 
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RT13 Job vacancies lowongan 

pekerjaan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT14 Shortlist 

candidates 

memilih kandidat Transposition 
1,00 1,00 1,00 1,00 Low 

RT15 Interview 

coordination 

koordinasi 

wawancara 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT16 Talent 

acquisition 

akuisisi bakat Literal 
1,67 1,67 1,67 1,67 Moderate 

RT17 Employer 

branding 

employer branding Borrowing 
1,33 1,33 1,33 1,33 Low 

RT18 Recruitment 

database 

database 

rekrutmen 

Borrowing + 

Established 

Equivalent 

2,00 2,00 2,00 2,00 Moderate 

RT19 HR initiatives inisiatif SDM Borrowing + 

Established 

Equivalent 

1,33 1,33 1,33 1,33 Low 

RT20 Employee 

engagement 

keterlibatan 

karyawan 

Established  

Equivalent 
2,67 2,67 2,67 2,67 High 

RT21 Performance 

management 

manajemen kinerja Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT22 Labor 

regulations 

peraturan 

ketenagakerjaan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT23 Industrial 

relations 

hubungan 

industrial 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT24 Manpower 

planning 

perencanaan 

tenaga kerja 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 
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RT25 Talent 

development 

pengembangan 

bakat 

Established 

Equivalent 
2,33 2,33 2,33 2,33 Moderate 

RT26 Training needs 

analysis 

analisis kebutuhan 

pelatihan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT27 HR operations operasi SDM Literal  2,33 2,33 2,33 2,33 Moderate 

RT28  Hiring partner 

team 

tim mitra 

perekrutan 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT29 Recruitment 

consultant 

konsultan 

rekrutmen 

Established 

Equivalent  
2,67 2,67 2,67 2,67 High 

RT30 HR 

administrator 

administrator 

SDM 

Borrowing + 

Established 

Equivalent  

3,00 3,00 3,00 3,00 High 

RT31 HR 

administration 

administrasi SDM Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT32 Employee 

lifecycle 

siklus hidup 

karyawan 

Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT33 HR systems sistem SDM Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT34 General Affairs 

(GA) 

 Urusan Umum 

(GA) 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT35 back-office 

roles 

back-office roles Pure 

Borrowing 
2,33 2,33 2,33 2,33 Moderate 

RT36 Employee 

engagement 

programs 

program 

keterlibatan 

karyawan 

Established 

Equivalent 3,00 3,00 3,00 3,00 High 
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RT37 Company 

culture 

budaya perusahaan Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT38 Internal 

communication 

komunikasi 

internal 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT39 Recruitment 

data 

data perekrutan Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT40 Hiring data data perekrutan Established 

Equivalent 
2,33 2,33 2,33 2,33 Moderate 

RT41 Talent 

decisions 

keputusan bakat Literal 
1,67 1,67 1,67 1,67 Moderate 

RT42 Blue-collar 

recruitment 

rekrutmen kerah 

biru 

Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT43 HR internship magang SDM Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT44 Job 

requirements 

persyaratan 

pekerjaan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT45 Staffing needs kebutuhan tenaga 

kerja 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT46 Hiring 

manager 

manajer 

perekrutan 

Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT47 Recruitment 

strategies 

strategi rekrutmen Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT48 Talent 

mapping 

pemetaan bakat Literal 
2,33 2,33 2,33 2,33 Moderate 

RT49 Sourcing 

candidates 

mencari kandidat Literal 
2,67 2,67 2,67 2,67 High 
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Levels 

RT50 Screening CVs penyaringan CV Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT51 Candidate 

interview 

wawancara 

kandidat 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT52 HR 

Administrator 

Supervisor 

 Supervisor 

Administrator 

SDM 

Borrowing + 

Established 

Equivalent  

2,33 2,33 2,33 2,33 Moderate 

RT53 HR tools alat SDM Established 

Equivalent  
2,33 2,33 2,33 2,33 Moderate 

RT54 People 

management 

manajemen 

sumber daya 

manusia 

Established 

Equivalent + 

Adaptation 

2,67 2,67 2,67 2,67 High 

RT55 Training 

modules 

modul pelatihan Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT56 Training 

sessions 

sesi pelatihan Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT57 Recruitment 

Intern 

Magang 

Rekrutmen 

Established 

Equivalent 
2,33 2,33 2,33 2,33 Moderate 

RT58 Leadership 

development 

pengembangan 

kepemimpinan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT59 Talent 

management 

manajemen bakat Literal 
2,00 2,00 2,00 2,00 Moderate 

RT60 KPI KPI Borrowing 2,33 2,33 2,33 2,33 Moderate 

RT61 Compensation 

structure 

struktur 

kompensasi 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 
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(SL) 
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Scores 

Quality 

Levels 

RT62 Labor cost biaya tenaga kerja Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT63 Employee 

attendance 

kehadiran 

karyawan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT64 Overtime 

records 

catatan lembur Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT65 HR Manager Manajer SDM Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT66 Probation 

evaluation 

evaluasi masa 

percobaan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT67 Payroll Penggajian Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT68 HRIS HRIS Borrowing 2,33 2,33 2,33 2,33 Moderate 

RT69 working 

contract 

kontrak kerja Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT70 Stakeholder 

management 

manajemen 

pemangku 

kepentingan 

Established 

Equivalent 3,00 3,00 3,00 3,00 High 

RT71 Workforce 

planning 

perencanaan 

tenaga kerja 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT72 Service 

delivery 

pemberian layanan Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT73 Operational 

compliance 

kepatuhan 

operasional 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT74 Service level 

agreement 

perjanjian tingkat 

layanan 

Calque  
3,00 3,00 3,00 3,00 High 
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 Mean 

Scores 

Quality 

Levels 

RT75 Screen 

resumes 

Menyaring resume Literal + 

Borrowing 
2,67 2,67 2,67 2,67 High 

RT76 employee well-

being 

kesejahteraan 

karyawan 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT77 recruitment 

experience 

pengalaman 

rekrutmen  

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT78 Human Capital Human Capital Borrowing  2,33 2,33 2,33 2,33 Moderate 

RT79 Hiring 

platform 

platform 

perekrutan 

Borrowing + 

Established 

Equivalent 

2,67 2,67 2,67 2,67 High 

RT80 employee 

development 

pengembangan 

karyawan 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT81 Certified 

Human 

Resources 

Professional 

Certified Human 

Resources 

Professional 

Borrowing  

2,00 2,00 2,00 2,00 Moderate 

RT82 people 

development 

initiatives 

pengembangan 

sumber daya 

manusia  

Reduction + 

Established 

Equivalent 

1,33 1,33 1,33 1,33 Low 

RT83 SOPs SOP Borrowing 2,67 2,67 2,67 2,67 High 

RT84 HR 

administrative 

tasks 

tugas administrasi 

SDM 

Literal  

3,00 3,00 3,00 3,00 High 

RT85 TA Intern TA Intern Borrowing  2,00 2,00 2,00 2,00 Moderate 

RT86  Internship 

program  

Program magang  Established 

Equivalent  
3,00 3,00 3,00 3,00 High 
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(SL) 

 

Target 

Language 

(TL) 

Technique 

A
cc

u
ra

cy
 

A
cc

ep
ta

b
il

it
y

 

R
ea

d
a

b
il

it
y

 Mean 
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RT87 Job description deskripsi 

pekerjaan 

Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT88 Selection 

criteria 

kriteria seleksi Established 

Equivalent 
3,00 3,00 3,00 3,00 High 

RT89 talent sourcing pencarian bakat  Literal 2,00 2,00 2,00 2,00 Moderate 

RT90 Conducting 

interviews 

Melakukan 

wawancara 

Literal  
3,00 3,00 3,00 3,00 High 

RT91 assessments  penilaian Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT92 end-to-end 

hiring process  

proses perekrutan 

end-to-end 

Borrowing +   

Established 

Equivalent  

2,33 2,33 2,33 2,33 Moderate 

RT93 recruitment 

support  

rekrutmen 

menyeluruh 

Modulation 
1,00 1,00 1,00 1,00 Low 

RT94 Recruitment 

field 

Recruitment Reduction 
1,00 1,00 1,00 1,00 Low 

RT95 documentation 

system  

sistem 

dokumentasi 

Literal 
3,00 3,00 3,00 3,00 High 

RT96 Company 

culture 

programs 

program 

budaya perusahaan 

Literal 

3,00 3,00 3,00 3,00 High 

RT97 company 

regulations  

Peraturan 

perusahaan 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT98 employee 

relations 

Hubungan 

karyawan 

Established 

Equivalent  
3,00 3,00 3,00 3,00 High 
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Code 

 

Source 

Language 

(SL) 

 

Target 

Language 

(TL) 

Technique 

A
cc

u
ra

cy
 

A
cc

ep
ta

b
il

it
y

 

R
ea

d
a

b
il

it
y

 Mean 

Scores 

Quality 

Levels 

RT99 disciplinary 

procedures 

Prosedur disipliner Established 

Equivalent  
2,67 2,67 2,67 2,67 High 

RT100 Annual leave Cuti tahunan Established 

Equivalent  
3,00 3,00 3,00 3,00 High 

RT101 HC 

administration 

 administrasi HC Borrowing + 

Established 

Equivalent  

2,00 2,00 2,00 2,00 Moderate 

RT102 employee data 

management 

Manajemen data 

karyawan  

Established 

Equivalent 
2,67 2,67 2,67 2,67 High 

RT103 informed talent 

decisions  

keputusan bakat 

yang tepat  

Modulation  
1,00 1,00 1,00 1,00 Low 
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Appendix  4: Data of Raters Assessment 
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